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YOLO5(You Look Only Once)
- CNN= O| 8¢t AH 24 2N2|F T otLto|H, AM 24 21 2|F ZO00M 7ty Rl €1E|lE S

OfLt
- TR 5%

= Single Stage Methods(Detection without Proposals)O| T, ZEX|2| YX|E HA X2 = 2K 7

£ I}otsH= Two-state Methods(ex:R-CNN) 2= CHE2 | SHEHO| ZHH Q| QX2 SFE A=
= WFE X 2| AZhE 0|88 HAIZH AM AE 7=

= S gric on Input

Final detection

Class probability map
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[ senior posture-based and movements-based monitoring methods |

Standing
Sitting
Action Bending
Lying
Lying toward
Walking/Running

Jump
Active

Movement

Inactive

*** Nasution, AH. Zhang, P Emmanuel, S Video survellancs for eldsrly monitoring and safety. In Proceedings
of the TENCON 2008-2009 IEEE Region 10 Conference, Singapore, 23-26 January 2009: pp. 1-6
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- BACKBONE #&2 O|0|X| 22 H Feature map= ==
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1. Resize image.
2. Run convolutional network.
3. Non-max suppression.
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¥ BACKBONE
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- YOLOS 2| BACKBONE= 47}X[2| & &7t EXY (S(small), M(medium), L(large), X(extra))
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Quantization & Precision Calibration (¥X}2} 3 HIUE ZHE|H| 0| M)

-3.4e+38 -6.0 0.0 2.76 6.0 3.4e+38
FP32 - - - =
Quantize(r = 6.0)
Symmetric
INT8 O linear quantization
-127 0 58 127
. - & X : Input
Quantize(x, r) = round(s ™ clip(x, -r, r)) r : Floating point range
where s =127 1/r s : Scaling factor
SlEjdol atE Y FE20 A ML (Precision)E R L2 M| LA QI B O| | ULt
S22 d2EEE 7HK = ME3TYE+F OIo[Hel A7| & 7tS XK= bit =71 &7| W=
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! Django E&
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- Python 7|8t & =2 &3 a n o
- DjangoOll Al X|@5}l= debug & local serverE O| &34l HAE & 0

e REST API

- 2L 2i0|E Ewww)it €2 4 ofO|TH O|C| A|AES 2l

St AT EQ0| 7HEt OfF7|EIX Q| St & Al
- HTTP URI(Uniform Resource Identifier)& &3l A& (Resource)=

Sofl sf A& 0f| Cet CRUD Operationg M -&

= ~10

HA|SED, HTTP Method(POST, GET, PUT, DELETE)S

- REST APIS O| &3l & 3% 0|55 SC0|AEY 2ot BE =% 21 A o[X| =2 HEH A=t 2 o

-

{ REST API }
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